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Motivation 
1. Entity linking (EL) is essential for efficient information extraction 
and high-quality knowledge graph construction, which typically 
shows potential in downstream applications like Question Answering. 
2. An EL system is composed of two models. Specifically, the local 
model can be extended to the global model. However, existing 
mainstream local models are unable to capture latent semantic 
information in the context around the mention. 
3. Entity type information is usually added to the EL systems. Based 
on named entity recognition, for all mentions on the AIDA-train 
dataset, every entity type accounts for a different proportion: 18.40% 
for PER, 6.58% for GPE, 36.58% for ORG, and 38.44% for UNK. 
Thus, the training dataset for EL systems contains some uncertain 
entity type information. 
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Main idea 

1. The first adaptive feature is applied in the local and global 
models, which can explore latent relationships between 
individuals from a context. 
2. The second adaptive feature is used for entity type modeling, 
which can describe effective entity type information. 
3. These two adaptive features are independent parts of our EL 
system, and can be linked naturally to work together to handle 
some uncertain entity type information. 
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Method 
1. The local model is designed to calculate the local context 
similarity between context and candidates for a mention. 

The global model is based on the local model, aiming to calculate 
dynamic context coherence between previously linked entities 
and candidates for a mention. 

  
 
 

2. The first step explores latent information between the 
individuals from a context by the embedding matrix B and “FNN.” 

The second step increases the influence of latent information by 
the embedding matrix C and “.” 
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Method (Cont’d) 
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Method (Cont’d) 
3. Entity type modeling is applied to calculate entity type 
similarity between a mention and candidates. 

Based on random initialization, four kinds of entity type 
embeddings are computed with the second adaptive features. 

 
 

Front In
form

 Technol E
lectro

n Eng



Major results 
Our local model considers only the first adaptive features, but our 
EL system consists of two adaptive features. 
The local model and the EL system were both trained on the 
AIDA-train dataset, and we validate them on the AIDA-A dataset. 
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Major results (Cont’d) 
Our EL system has been trained on the AIDA-train dataset, 
and we test it on out-domain datasets. 
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Major results (Cont’d) 

Ablation analysis, where the first adaptive features have two 
steps 
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Conclusions 

1. Two adaptive features can enable the EL system to capture 
latent information, properly adjust four kinds of entity type 
embedding, and handle some uncertain entity type information. 

2. Two adaptive features can be integrated in the local model, 
global model, and entity type modeling of EL systems. 

3. Our system achieved the best performance on the AIDA-B and 
MSNBC datasets. It also achieved the best average performance 
on out-domain datasets. 
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