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»Data acquisition and analysis

64 128 192 256 22 33 44 255 340 425 510 129 172 215 258070 105 140 1.75 00 15 30 45
.......

- 256

[ 102
i '!.. oL buzs

) [ 6.4
_m PR | et Lo . : | a4
QE 33 N, -0.018 k -—33
22 : _M p ..'.aw"' . .,.m- N PSe . L 2

Baoshan \ Dy s

L
\ Jiading@g % L s | .k
- Urbana .‘ Co \ % n2 0.017 0.112 i . _,-.,z-- | .. ; , v :i;
!

Chongming

‘ Shanghai

: Co0
N 0}« o1

' ]
’ ' , . 234 —-

1 . ,\5\ 19.5——
Qingpu \ & ‘ ".‘ udong -y 0.252 0.633

234
- 195
- 156

15.6
\ ‘ I
\ 11.7 ] = - 11.7
) \ O —\
\ < g 1327 0.168 0.111 0.036 0032 192
f : . 099 - - 099
-~ Minhang Nanhui iy " o
S .o : - \ -] [~ A
Oﬂg]lang J p . 7 Ps I 150
) — .\ o 3.0 L
/ =7 o N § 5] 0.056 0.126 0279 0338 0.246 - 120
" . a, - . -
| Fengxian - . %
_ . . LI L T T T T T LI [N RN NN (N R R LD % § > | % | LI 0
64 128 192 256 22 33 44 255 340 425 510 129 172 215 25 8 0. 70 105 140 1.75 00 15 3.0 45
Hm) wp(%) wi.(%) Ip (%) A Pg (MPa)

Location of sampling sites in Shanghai, China S . . .
Distributions and correlation coefficients of model input

variables in the dataset



Journal of Zhejiang University-SCIENCE A (Applied Physics & Engineering)

> GA-GBRT modelling
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» Results of the optimum GBRT model
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Experimental versus predicted Es for the GBRT model with the optimum hyper-parameters
on the training set: (a) comparison of experimental and predicted Es; (b) regression
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» Results of the optimum GBRT model
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Experimental versus predicted Es for the GBRT model with the optimum hyper-parameters
on the test set: (a) comparison of experimental and predicted Es; (b) regression
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» Comparison of empirical formulas and ML training effects
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Comparison of performance between empirical formu-las and the proposed ML method for
predicting Es: (a) experimental and predicted Es; (b) regression



Journal of Zhejiang University-SCIENCE A (Applied Physics & Engineering)

» Comparison of foundation settlement
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