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Motivation
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Method

O Associative affinity network
 End-to-end trainable

» Directly estimate the

associative affinity of a track-

detection

« Perform single-object tracking
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Method: feature network
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Method: metric network
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MOT results

Table 5 Results on the MOT16 and MOT17 test datasets (traimmal, App.+Ioll)

Dataset Tracker MOTAT IDFIT e+ ML, FPL FN|  IDS| Hat
%) (%)

UMA (Yin et al., 2020) Hb 028 17.8% 33.7% ToBT 31924 685 2.0
CRF TRACK (Xiang J et al., 2021} 50.3 5.4 18.3% 35.7% T148 22746 T2 L5
Tracktor++ (Bergmann et al | 2019a) o4.4 22.5 19.0% 36.9% 3280 T9149 682 1.5
LMP (Tang et al., 2017) 48 8 2l.3 1829  40.1% G654 26245 545 0o
GCRA (Ma et al., 2018) 482 43.6 129% 41.1% 2l04 38 586 821 2.8
MOTDT ({Chen L et al , 2018) 47.6G 30.9 15.2%  333% 9253 35431 ™2 20.6

MOT16 NOMT (Choi, 2015) 46.4 03.3 18.3%  41.4% 9753 BT 565 359 26
STAM (Chu ) et al., 2017) 46G.0 30.0 14.6%  43.6%% GEOG 91117 473 02
MHT DAM (Kim et al., 2015) 4b.8 46.1 16.2% 43.2% G412 91 7a8 580 0.3
LINF1 (Fagot-Bouguet et al., 2016) 41.0 45.7 11.6% 51.3% TEOG 0224 430 4.2
Curs 038 03.4 21.9% 32.0% G035 TE 880 Tob .6
Tracktor w2 (Bergmann et al., 2019b) a2 a4.9 20.7%  35.8% 2394 THE44 61T L&
Ours (private) 89.9 60.3 28.9% 22.3% 11018 61217 939 2.8
UMA (Yin et al., 2020) 83.1 o044 21.5% 31.8% 22893 239534 2251 2.0
CRF TBRACK (Xiang J et al., 2021} 3.1 53.7 24.29% 30.79% 27194 234991 2518 1.4
FAMNet (Chu P and Ling, 2019) 020 437 19.1% 33.4% 14138 253616 3072
Tracktor++ (Bergmann et al., 2019a) 83.5 22.3 19.5%  36.6% 12201 248047 2072 1.5
DAN (Sun et al., 2021) 52 .4 487 21.4% 30.79% 25423 234592 G431 6.3
TAT (Shen et al., 2018) 3l.5 20,6% 355% 2583
FWT (Henschel at al |, 2018) 0l.3 476 21.4% 352% 24101 247921 2648 0.2

MOTI17 jCC (Keuper et al., 2016) 51.2 545 209% 3T.0% 25037 247822 1802 1.8
MOTDT (Chen L et al , 2018) 0.9 227 17.65% 35.7% 24069 250768 2474 1B.3
MHT DAM (Kim et al., 2015) 50.7 47.2 208% 369% 22875 252880 2865 00
Curs 03.9 04.3 23.7%  32.0% 27656 230042 2386 o4
Tracktor w2 (Bergmann et al., 2019b) ah6.3 a5.1 21.1%  35.3% BEG6 235449 1987 .
Ours (private) DE.B 58.5 27.8% 24.5% 30888 198864 2880 2.8
Ours (private) w/o optical flow 58.G 592  27T.8% 24.5% 31467 199275 3024 9.8

1: a higher score means a better result; |: a lower score means a better result. The best results are in bold



Summary

» An associative affinity network (AAN) for the task of multi-
object tracking has been proposed. Appearance and position
features and their affinity metrics have been learned jointly in
an end-to-end manner.

» AAN can perform single-object tracking to maintain trajectory
consistency in the presence of missed detections.

» A simple multi-object tracker with AAN achieved competitive
performance on the MOT16 and MOT17 datasets.



	Associative affinity network learning for�multi-object tracking
	Motivation
	Method
	Method: feature network
	Method: metric network
	MOT results
	Summary



