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] & . & RMSE: Root-Mean-square error
RMSE= —Z(xi — X l,)Z MAE: mean absolute error
N -y MAPE: mean absolute percentage error
] N . ® X : the actual value
MAE= F Z ‘xi A x*l, : the forecast value
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N : the number of test samples
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Compared with basic BPNN, EMD-BPNN, EEMD-BPNN:

Date RMSE of (MW) MAE of (MW) MAPE of (%) > Basic BPNN has the worst
BPNN EMD- EEMD- IEEMD- BPNN EMD- EEMD- IEEMD- BPNN EMD- EEMD- 1EEMD pe rfo rm a n Ce )
BPNN BPNN BPNN BPNN BPNN BPNN BPNN BPNN

BPNN
20t 2038 941 1240 808 1676 7.87 993 673 281 134 167 113 »EMD-BPNN and EEMD-
21t 2648 912 942 833 1807 761 705 681 313 130 119 1.5 BPNN both performed better
22t 1825 818 721 701 1397 6.64 604 557 248 119 1.07 0.9 than basic BPNN.
23th 18.02 2798 2479 863 1276 2278 2257 644 233 435 414 117
24t 2036 29.12 13.67 994 1671 2425 1049 797  3.09 453 192  1.46 »|EEMD-BPNN  outperforms
25t 2109 1402 1349 827 1553 944 1090 7.05 3.01 1.84 211  1.36 other 3 method in terms of all
26t 2557 1178 1001  6.68  21.13 828 729 526 443 171 150  1.09 the 3 standard statistical

Average value 21.45 15.66 13.00 813 1642 1241 1061 655 3.04 232 194 1.19 indicators.




9000

8500

8000

o
3

7000

The electric load(MW)
(=33
=

3
3

5500

5000

—e—Actualload —s—WINNEA[34] —=— WGMIPSO[35] —s— IEEMD-BPNN

|8|

9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24

t(h)

The same load data used in other 2
studies were used to predict the
same day load through IEEMD-BPNN.

The IEEMD-BPNN resuits are more
consistent with the actual load than
the other 2 methotls.



Compared with methods published in other studies:

MAPE MAE RMSE Maximum Minimum Maximum Minimum
(%) (MW) (MW) error error absolute error  absolute
(MW) (MW) (MW) error (MW)
WTNNEA method (Amjady 1.931 132.11 145.19 114.45 -242.63 242.63 36.921
and Keynia, 2009)
WGMIPSO method 0.682 46.625 53.711 81.79 -93.77 93.77 1.96
(Bahrami ez al., 2014)
IEEMD-BPNN method 0.533 37.225 45.78 83.761 -71.747 83.761 0.751

The proposed method outperforms other methods hoth mentioned in this
article and published In other studies In terms of all the three standard
statistical indicators considered in this study.
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